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vaccine adverse event (Fig. 2). Fig. 2. Demographic distribution of our cohort population of vaccine-associated AKI

The Ontology of Precision Medicine and Investigation (OPMI) (https://github.com/OPMI/opmi) is a adverse event. (A) Age distribution. (B) Gender distribution.

community-based open source biomedical ontology that represents entities and their relationships in the
domain of precision medicine. OPMI supports the standard representation and analysis of precision
medicine data and knowledge. In our last year’s OHDSI symposium, we presented how to use OPMI to
represent the OMOP CDM (He et al., 2018). Current OHDSI project extends last year’s project and further

Our further study found many abnormal phenotypes, including chronic kidney disease and diabetes, that
occurred before vaccinations followed with AKI adverse event (Fig. 3A). Many bacterial and viral vaccines such
as Haemophilus influenzae vaccine, hepatitis A and B vaccines and influenza vaccines, were identified.
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